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Sighn-Asymmetric Adaptive Numeric Type
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Overview of the construction of 16 quantization grids (sub numeric types) in SA-ANT-L

*Variants: SA-ANT-L: 16 sub-numeric types — Lightweight SA-ANT-P : 64 sub-numeric types — High-precision

Accelerator Design Experiments

* Low Decoder Overhead  Across different models and group sizes, SA-ANT consistently achieves lower perplexity than existing
* The decoder introduces only 0.6% / 1% of the compute-core area. methods [2,3,4], , indicating better language modeling performance.

* INT-Compatible Computation  SA-ANT not only improves accuracy but also reduces area and power compared to existing methods [2,3,4].
* Supports standard low-bit INT operations (Mul / Acc / Dequant). Qwen-2.5-0.58 larma.3.2.18 Accuracy vs. Area Accuracy vs. Power
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